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The token cost problem

In enterprise Al today, one of the biggest points of
friction is tokens. Enterprises are burning through annual
Al budgets in a matter of months, driven largely by
token-based pricing. What started as a move fast, adopt

Al mindset is quickly shifting to slow down, control costs.

This shift is rooted in how token economics actually work.

How we got here

During early adoption, moving to the cloud aligned
perfectly with speed and experimentation. Tokens were
treated as a simple line item—just another unit price to
compare across providers in a spreadsheet. The focus

was on getting started, not on long-term cost dynamics.

The problem is that most enterprises never owned the
underlying financial model. They optimized for the unit

economics of the provider—pricing structures, margins,

and routing decisions—rather than designing for their
own cost control and predictability.

In practice, they rented the meter instead of owning
the infrastructure: paying per token or per hour for
someone else’s hardware, rather than engineering their
own cost structure on hardware they control.

As Al usage scales, that tradeoff becomes hard to
ignore. Token usage is projected to grow 24 times by
2030, and by spring 2026 many companies had already
exhausted their entire 2026 token budgets. After
months of telling their workforce to adopt Al fast, the
message has flipped to control costs, even if it risks
slowing innovation.

Tokens are the symptom, not the
root cause

The effective cost of a token depends on multiple
architectural factors: which model is used, whether
infrastructure is optimized, how requests are routed,
how GPUs are shared, and how data and context move
through the system. It also depends on the workloads
being run. Agentic workflows—systems that plan, call
tools, reflect, and retry—drive order of magnitude
higher token usage than simple chatbots ever did
because they run as loops, not one off prompts.
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Gartner’s March 2026 analysis finds that agentic
models typically consume 5-30 times more tokens

per task than a standard chatbot, and early production
data shows single agent tasks reaching 10-50 times
the tokens of a basic prompt response exchange.! For
planning assumptions, it is reasonable to treat agentic
workloads as roughly 20-50 times more token intensive
than traditional chat, especially for complex, multi step
enterprise use cases.

The only durable way out of this token trap is to bring
the economics back inside the enterprise boundary—
designing Al infrastructure and orchestration so that
token usage is governed by your architecture, not just
by someone else’s pricing.

From metered consumption to
owned economics

HPE Private Cloud Al changes the cost equation by
moving Al from a metered service to an owned system.
In an on-premises model, the enterprise controls both
the infrastructure and how it is consumed.

This shifts the constraint from a third-party meter

on every request to an engineering decision: how

to use available compute, memory, and storage as
efficiently as possible for agentic workloads. Demand
is still growing but now the organization determines
how that growth translates into capacity planning and
investment, rather than inheriting a pricing model it
cannot control.

At a business level, this fundamentally changes the
operating model. Instead of reacting to a variable
external cost, enterprises can treat every model call,
agent, and interaction as part of an internal system
governed by architecture, policy, and capacity.

HPE Al Essentials Software, integrated into HPE Private
Cloud Al, provides the visibility and controls to manage
that system effectively. Teams gain a clear view of token
consumption across total usage, teams, applications, and
individual users, enabling precise tracking of run rates.

Project Spend Jul 1- Jul 8, 2026

Total Spend Max Budget

$0.0015 No limit

Usage Metrics

Total Requests

2,796

Successful Requests

1,708 1,088

Failed Requests (1)

Total Tokens >

37,113,615

Average Cost per
Request

$0.0000

Figure 1. Token observability across users, teams, and applications with optional chargeback capabilities

GenAl Token Costs Drop 90% by 2030,” Gartner Newsroom, March 2026.
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Complete visibility into token usage enables teams to
understand run rate by total volume, team, application,
and individual user. The solution includes built-in
capabilities for each customer to define an internal cost
per request, supporting chargeback models as well

as forward looking budget forecasts. In practice, this
can cut month to month Al bill variability dramatically
while driving higher, more intentional GPU utilization for
agentic workloads.
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Figure 2. Project-level token tracking with internal cost allocation

Once these workloads move onto owned infrastructure,
the question changes from can we afford more
tokens? to how do we govern a shared enterprise
utility with a meter we own? HPE Private Cloud Al

and HPE Al Essentials Software turn that utility into a
governed internal service, with policies, quotas, and
observability around every model and agent.

Using the right model for the job

While on-premises removes the external pay per

token meter, infrastructure efficiency is still a critical
consideration. The choice of model has a substantial
impact on how effectively that infrastructure is used. It is
natural for teams to default to the largest, most capable
frontier models for every workload, but in practice those
models are overkill for most enterprise tasks.

Smaller models—foundational, domain specific, or
open weight variants—are faster and more efficient

to run on a fixed pool of compute. Selecting the right
sized model for each task is often the single biggest
lever an organization has for controlling costs and
keeping agentic workloads within the boundaries of its
on-premises capacity.

HPE Private Cloud Al pairs LiteLLM with NVIDIA® Kai
Scheduler so that right sized model choices are
matched to right sized GPU allocations, helping
maximize tokens per watt and utilization across the
cluster. LiteLLM routes calls to the appropriate model,
and Kai Scheduler works behind the scenes to place
workloads on the optimal GPUs using fractional sharing
and bin packing policies, driving high utilization across
the cluster instead of over provisioned frontier GPUs
and under used capacity.
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Your workloads will now be scheduled based on framework priorities and project quotas. For guidance on how this affects your projects,

Consult our documentation
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Figure 3. Fractional GPU sharing keeps smaller, lower intensity requests off fully dedicated frontier GPUs, so more work fits inside the same on-premises footprint

Visit HPE.com

Learn more at

HPE.com/Private-
Cloud-Al

Chat now

© Copyright 2026 Hewlett Packard Enterprise
Development LP. The information contained herein is
subject to change without notice. The only warranties
Hewlett Packard Enterprise products and services are set
forth in the express warranty statements accompanying
such products and services. Nothing herein should

be construed as constituting an additional warranty.
Hewlett Packard Enterprise shall not be liable for technical
or editorial errors or omissions contained herein.

NVIDIA is a trademark and/or registered trademark of
NVIDIA Corporation in the U.S. and other countries. All
third-party marks are property of their respective owners.

a00161842ENW
HEWLETT PACKARD ENTERPRISE

hpe.com

Even the best scheduled GPUs

are only as effective as the data
reaching them. HPE Private Cloud
Al includes HPE Alletra Storage MP
X10000 to keep data pipelines fed
and flowing so efficiency shows up
as real throughput.

Together, these capabilities
give enterprises precise control
over how demand translates
into infrastructure consumption
and cost. HPE Private Cloud

Al unifies token visibility,
internal cost modeling, model
routing through LiteLLM, GPU
scheduling with NVIDIA Kai
Scheduler, and high-performance
data infrastructure in a single
on-premises architecture.

The result is a more predictable
operating model for agentic
workloads—one in which
throughput, utilization, and
placement can be engineered
deliberately instead of dictated
by external pricing mechanics.
For organizations moving from
experimentation to scaled
deployment, the core question
becomes unit economics: how
much value each workload delivers
per dollar of owned capacity, not
per million tokens bought from a
meter you don't control.
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